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Teaching Optimization Based on Knowledge Distillation Technology .
Application of DeepSeek to Teaching and Its Reflection

ZHOU Xianfeng & YIN Wenpei
(School of Educational Science, Hunan University of Science and Technology, Xiangtan 411201, China)

Abstract; Under the background of artificial intelligence-driven intelligent transformation of education, the
knowledge distillation mechanism of DeepSeek is analyzed to optimize the teaching process, exploring its
application potential and reflection in education. Traditional standardized teaching is difficult to meet the needs
of multiple metacognition, while DeepSeek uses specific technology to transform the professional knowledge
system into a module that adapts to the learner’s cognitive stage, reducing the difficulty of understanding and
enhancing the effect of information transmission. The core mechanisms of DeepSeek, based on the synergistic
optimization of a multimodal knowledge fusion framework and a hybrid computing framework , help to form a closed—
loop teaching system, support the real-time feedback and path optimization, and transform the teaching paradigms.
Through the hierarchical knowledge distillation framework, learning support and guidance are realized. Finally,
reflection on technological application challenges leads to proposing balanced development mechanisms between
technological assistance and autonomous growth, with ethical synergy emphasized through concrete frameworks. A
practical framework emerges for integrating technology with humanistic reflection in educational intelligence,
simultaneously advancing the synergy between pedagogical efficiency and educational essence.

Key words: DeepSeek; knowledge distillation; intelligent education; personalized learning
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